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Abstract

In this article, we focus on the synthesis of arithmetic expressions that can be evaluated efficiently
on computers in the sense that they do not create overflows, are accurate and do not use unnecessary
ressources. We consider several computer arithmetics for integers, floating-point and fixed-point
numbers and intervals and we show how to synthetize new expressions, mathematically equivalent to
the original ones and more efficient. Our approach is based on abstract interpretation. We introduce
two abstractions to represent in polynomial size sets of mathematically equivalent expressions.
Then, we extract optimized expressions by searching the most accurate expression among the
expressions contained in the abstract structures. We focus on the correctness of the synthesis which
consists of showing that the new expressions cannot be distinguished from the source expressions
when an observational abstraction is used.

Keywords: Abstract Interpretation, Code Synthesis, Computer Arithmetic.

1 Introduction

During the last decade, static analysis techniques based on abstract interpre-
tation [2] have reached an industrial level of maturity. Tools like Astrée [8],
Clousot [9] or Fluctuat [4] have been successfully used on real case studies.
These tools are able to compute subtle properties on codes such as accurate
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ranges for floating-point variables. However, when a run-time error or an un-
expected behavior of the program is detected, these tools do not indicate how
to fix the code. Then, a natural extension of this work is to propose bug cor-
rections to the programmer. Such techniques have recently been proposed to
repair integer expressions and relations between integer expressions [10] and
to improve the accuracy of floating-point expressions [11].

In this article, we focus on the synthesis of expressions well-suited for
the computer arithmetic in the sense that their evaluation by the machine
is efficient, accurate and does not rise run-time errors. We consider that
the expressions written in source codes by programmers are mathematical
formulas which would return the expected results if the computers used exact
arithmetics (with mathematical integer or real numbers). Then we synthesize
new expressions which are mathematically equivalent to the original ones and
whose evaluation in the computer arithmetic raises less errors. We consider
four computer arithmetics: the integer arithmetic is subject to overflows which
can be avoided in certain cases is the expressions are transformed [10]. In
addition to overflows, the floating-point arithmetic [1,14] is subject to accuracy
problems due to the rounding of the operations. The accuracy of expressions
can be improved if the expressions are replaced by mathematically equivalent
ones [11,6]. In the fixed-point arithmetic [5], the evaluation of equivalent
versions of an expression may require more or less ressources depending on the
size of the intermediary results. Finally, the interval arithmetic [12] introduces
over-approximations because of the lack of relations between variables. In
many cases, these over-approximations can be limited by transformation of
the source expression.

Our work is based on P. and R. Cousot’s framework for program transfor-
mation [3]. We introduce non-standard semantics and an observational ab-
straction for the integer, floating-point, fixed-point and interval arithmetics.
The synthesis is correct if it generates a new expression which cannot be dis-
tinguished from the source expression when the observational abstraction is
used. Because in general there exists too many expressions mathematically
equivalent to a source expression, we present two abstractions of the sets of
equivalent expressions [11,6]. Finally, the synthesis consists of selecting a ex-
pression among the abstract sets of equivalent expressions. This selection is
based on an abstract interpretation of the non-standard semantics introduced
for the four arithmetics.

This article is organized as follows. In Section 2, we introduce the com-
puter arithmetic and, for each of them, we discuss how the synthesis of a new
equivalent expression may improve the evaluation. Section 3 is dedicated to
the correctness of the synthesis. It introduces the non-stndard semantics and
obsevational abstractions. In Section 4, we describe the abstraction of sets of
equivalent expressions. Finally, the synthesis itself is described in Section 5
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and Section 6 concludes.

2 Computer Arithmetics and Expression Synthesis

In this section, we review several computer arithmetics and, for each of them,
we present how to synthesize expressions that can be evaluated efficiently. We
start with our simpliest arithmetic which is the integer arithmetic. Then we
discuss the cases of the floating-point and fixed-point arithmetics and, finally,
we end this section by examining the case of interval arithmetic.

The signed integer arithmetic enables one to represent exactly any integer
number between a minimal value m and a maximal value M. For example, in
many languages, the int format corresponds to the integer numbers between
m = —23" and M = 23! — 1. When the result of some operation is out of the
interval [m, M] then it wraps around this interval. This is a source of error
in programs, as noted by F. Logozzo and T. Ball who propose code repairs
for integer expressions and relations [10]. Formally, the elementary operations
are defined by:

a®(a®(b—1))ifb>1

. (1)
—a®(a®(—b—1))ifb<1

M@(a+b—(m-1))ifa+b<m

moa+b—M+1)ifa+b>M
a®b= a®b:{
a+b otherwise

For example, with 32 bits signed integers, if 2 = 23° and y = —2' then

2Xx
3

Both expressions are mathematically equivalent while the closest integer to the
exact result is 715795115. Because, in the signed integer arithmetic, errors may
arise when intermediary results are out of the range [m, M|, the synthesis of
expressions has to generate expressions which are mathematically equivalent
to the original ones and whose evaluation introduces the smallest intermediary
results, in absolute value.

The floating-point arithmetic is defined by the IEEE754 Standard [1].
Floating-point numbers are used to encode real numbers. However, because
they are finite representations of they mathematical cousins, roundoff errors
arise during computations and these approximations may, in some cases, sig-
nificantly falsify the result of the evaluation. A floating-point number x is

defined by

+y = —715860650 and 2 X g +y = T715795114.

LC:S'(do.dl...dpfl)‘BBZS'm‘Beierl (2)
where s € {—1,1} is the sign, m = dod; ...d,—1 is the mantissa with digits
0<d;<p,0<1i<p—1,pis the precision and e is the exponent, e,,;, < e <
emaz- The IEEET54 Standard specifies several formats for the floating-point
numbers by providing specific values for p, 8, €min and €,,4.. It also defines
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some rounding modes, towads +00, —oo, 0 and to the nearest. Let us write
040y O oo, 09 and o. the rounding functions, the IEEE754 Standard defines
the semantics of the elementary operations by:

T ®, Yy =o.(rxy) (3)

where ®, denotes a floating-point operation +, —, X or -+~ computed using the
rounding mode r and * denotes an exact operation. Because of the roundoff
errors, the results of the computations are not exact. For example, the value
e = 2.7182818... can be computed using Bernouilli’s formula:

n
e= lim wu, with u, = (1+l> , n>0.
n——+0oo n

In double precision, ug = 2.718282 but then the accuracy decreases as n
grows: u4 = 2.716110, u1 = 3.0.35035 and w7 = 1.0. For the floating-point
arithmetic, the synthesis of expressions consists in generating an expression
which is mathematically equal to the original one and which minimizes the
roundoff error on the result, i.e. the distance |r — 7| between the exact result
r and the floating-point result 7.

There exists no standard for the fixed-point arithmetic comparable to the
IEEE754 Standard. A fixed-point format (w,7) depends on the total number
of bits w used to encode the value and on the location of the fixed-point
relative to the most significant bit [5]. In general, the numbers are encoded
using two’s complement and the sequence of bits b,_1 ...by reprensents the
value —b,,_;-2071 4+ !y bu - 2=7 and the distance between two consecutive
numbers is 2°7%. The format (w,,,) of the result of an elementary operation
depends on the formats (ws, 1) and (ws, is) of its operands:

Product: u?r - @1 +,w2
11 + 12

T

= i + max(wi — i1, w2 — i2)

(4)

Addition: { wr ‘ ‘
ir = max(ii + 81 A S2,42 + 82 As1) + 1
In Equation (4), s; and sy denote the signs of the operands. Using the formats
of Equation (4), the operations are exact and no rounding is needed.
Synthesizing an efficient expression for the fixed-point arithmetic consists
of generating an expression equivalent to the original one and which minimizes
the size of the implementation, or, in other words, which minimizes the sum of
the sizes w of the formats of the intermediary results (the outputs of the oper-
ators.) For example, Figure 1 displays two implementations of the polynomial
r? —x + 9, with z in the format (5,3). The first scheme corresponds to the
direct implementation and requires 68 bits to store the intermediary results
while the second scheme implements the equivalent formula (z — 3) x (z — 3)
and necessitates 40 bits only.

Our last computer arithmetic is the interval arithmetic [12]. Intervals are
commonly used to bound the exact result of computations carried out with
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Fig. 1. Two fized-point implementations of x* — 6z + 9 where = format is (5, 3).

floating-point numbers. Given two intervals [z, 7] and [y, y] whose bounds are
floating-point numbers, the elementary operations are defined by:

T®—c0Y T @400 Y

2 T8y, 7] = 2000y, TD1oo¥] [z FR[y, 7] = |mind 20V L pax § SV L) (s
- - - TR-0y TQto0 Y
TRy T QRto00lY

Interval arithmetic suffers from the decorellation of the variables (the absence
of relations) and from the wrapping effect. For example, because of the decor-
relations, the value of the function f(z) = —%5 is [1.5,4] when z = [3,4].
However, the function f is mathematically equal to g(z) = 1 + ﬁ and
9([3,4]) = [2,3]. While both results are correct, g([3,4]) is clearly more ac-
curate than f([3,4]). Synthesizing efficient expressions for the interval arith-
metic then consists of generating expressions whose evaluation yields intervals

of small width, in order to optimize the accuracy of the results.

3 Correctness of the Synthesis

The synthesized expressions being possibly very different from the original
ones, the correctness of the process is based on semantics and not on syntax.
We use the framework for program transformation introduced by P. and R.
Cousot [3]. In Figure 2, we introduce four non-standard small-step operational
semantics for the evaluation of expressions, where * stands for any elementary
operation. These semantics are denoted —in¢, —>£10at, —>tixea and — and they
are related to the integer, floating-point, fixed-point and interval arithmetics,
respectively.

For the integer arithmetic —i,¢, a non standard value is a pair (0,v) €
int x Z where int denotes the set of computer signed integers (for example
the 32 bits or 64 bit integers) and Z denotes the set of signed mathemti-
cal integers. Intuitively, a value (v,v) gives both the exact value v and its
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px) = (0,0) m’ =max (Jv],m)
<JZ, m, P) —7int <(@7 U)7 m,7 :0>
V=10, ®Uy v =11 *xvy m = max(|vy],|ve|,|v], M)
(W, v1) * (02, 02),m, p) —ine ((0,0),m, p)
(e1, m, p) —ine (e, m',p) m” = max(m,m’)
(€1 % €2,m, p) —rine (€1 * €2,m", p)
(9, m, py —>ing (e, m', p) m” = max(m,m’)

<(UA17/01) * 627 m7 p> _>int <<UA1, 'Ul) * e’z’m/I’ p>

p(z) = (9,v) V=171 ®. Uy U =101 %o
<$? p) —float <(/[}7 U)’ p) <(UA1> Ul) * (fUAQa U2)a P> —float <(@7 U)a P)
<€17 P) —float <6/17 ,0> <62a P) —7float <6/27 P)

(e1% €2,p) —r10at (€] * €2,0) ((U1,V1) * €, p) —s10at ((VU1,01) * €5, p)
p(x) = (v, v)
(2, W, p) = sixea ((v\7,0), W, p)
plwi) = i) @ {20y — sk W =W 4wy 4w+ w
() 00 % 57 ) W) ssme (001, W7
{e1, W, p) —rtixea (€1, W/, >
(€1 % eq, W, p) —sizea (€} % €2, W' p)
(€2, W, p) —rtixea (€5, W', p)
(07" 01) % €0, W, ) —ssea (03", 01) % ¢, W7, p)

) V=vi®U, v={x*xy : x €V, yE v}
<£E,,0 | <(@7U)’p> <( A1>U1) (UQvUQ)ap> - <(ﬁ,’U),p>

(

(

(e2,p) —p (€5, p)
ea,p)  ((U1,01) * e2, p) = (U1, v1) * €h, p)

=

Fig. 2. Non standard semantics for the integer, floating-point, fized-point and interval arithmetics.

computer approximation 0. A state (e,m,p) € Expr x N x Env;,, of the in-
teger non-standard semantics is made of an expression e, of an environment
p : Var — (int x Z) of Envi,, mapping variables to non-standard values and
of a non-negative integer m € N indicating the maximal value encountered
during the evaluation of the expression, in absolute value. The integer m has
to be minimized during the synthesis of a new expression in order to keep the

intermediary results inside the range [m, M] introduced in Section 2.
For the floating-point arithmetic —¢1,.2¢, @ non-standard value is a pair

(0,v) € float x R where float is the set of floating-point numbers (one of
the IEEET754 formats) and R the set of real numbers. In Figure 2, we assume
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that the floating-point operations are carried out using the rounding mode
to the nearest. A state (e, p) of the non-standard floating-point semantics
is made of an expression e and of an environment p € Var — (float X
R) mapping variables to non-standard values. Intuitively, the synthesis of
an efficient expression for the floating-point arithmetic has to minimize the
quantity |0 — v|, i.e. the difference between the computer and exact results.

For the fixed-point arithmetic —¢;5eq, @ non standard value is a pair
(v@? 1) € fixed x R where fixed denotes the set of fixed-point num-
bers. We consider that in fixed, each fixed-point number has its own format
(w, ), as introduced in Section 2. A state (e, W, p) € Expr x N X Envsiyeq
is made of an expression e, a non-negative integer W and an environment
p € Var — (fixed x R) mapping variables to non-standard values. Intuitively,
W records the total number of bits required to represent all the intermedi-
ary results during the evaluation of the expression. The synthesis of a new
expression for the fixed-point arithmetic has to minimize W.

Finally, a non standard value (0,v) € (float x float) x p(R) for the
interval arithmetic is made of an inteval © with floating-point bounds and
a subset v of R (p(R) denotes the powerset of R.) Intuitively, v is used to
compute the exact image of the points belonging to the input intervals. In
other words, if e(x,y) is an expression depending on two variables x € [a, b]
and y € [¢,d], we aim at computing in the non-standard semantics the exact
image I = {e(x,y) :a <z <b, ¢ <y<d} of e. For the interval arithmetic,
the synthesis of new expressions has to minimize the width of the interval
corresponding to the result of the computation.

Given a set © of environments, the collecting semantics [e]int O, [€]f10at O,
[el¢ixea © and [e]y © correspond to the sets of maximal traces starting by the
states {(e,0,p) : p € O} for the integer arithmetic, {(e,p) : p € O} for the
floating-point arithmetic, {{e,0,p) : p € O} for the fixed-point arithmetic
and {(e,p) : p € O} for the interval arithmetic.

In order to define the correctness of the synthesis, we also introduce ob-
servational abstractions ap of the states [3]. It is correct to replace an ex-
pression e by another expression €’ if for any ©, [e] © = S, [¢] © = &
and {ap(s) : s € S} = {an(s’) : s € S’} where [e] © is one of our
four collecting semantics. For the synthesis of expressions, the observational
abstraction discards the computer results of the states and conserve only the
mathematical results. Then, the synthesis is correct if the new expression
always returns the same mathematical result than the source expression. In
all our semantics, values are pairs (0,v) where ¢ is a value representable in
machine and v is a mathematical value. We define ap as the second projec-
tion, i.e. ap((,v)) = v for any non-standard semantics. The abstraction ao
is then extended to states by projecting the values inside the expressions and
environments.
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4 Abstraction of Equivalent Expressions

In general, the number of expressions equivalent to an original expression e by
associativity, commutativity, distributivity and factorization is exponential in

the size of e. For example, the number of ways to evaluate the polynomial
(r—1)x...x(x—1)is2.3-10° for n = 5 and 1.3 - 10° for n = 6 [13]. In

N 4
-~

n times
this section, we introduce two abstractions, polynomial in size, of the set of

mathematically equivalent expressions.

The first abstraction consists of identifying the expressions whose syntactic
trees are equal up to depth k. This abstraction is a simplified version of the
abstraction introduced in [11]. In the present article, we introduce an under-
approximation of the set of equivalent expressions while the more complicated
abstraction introduced in [11] was a complete covering of the mathematically
equivalent expressions. Because we limit ourselves to the expressions whose
syntactic trees are equal up to depth k, the application of algebraic laws
like associativity, commutativity, etc. yields a limited number of expressions
related to the user defined parameter k. We start by introducing a special
expression T € Expr and the function ~.7% : Expr — Expr which discards
the deepest level of the syntactic tree of an expression [11]:

R =v if k>0 Terxes 0 =T if k=0

% =2 if k >0 Ter ke = Tey =1y F—1 4f & >1

(6)

Let R C Expr x Expr be a binary relation on the set of expressions. We use
R to identify mathematically equivalent expressions. For example, R may
contain associativity or distributivity:

{(61 + (e2 +e3), (e1 +e2) + 63) : e1, e2, €3 € Expr} CR (7)

{(el X (€2 +e3),e1 X ea +e1 X 63) : e1, €2, e3 € Expr} C R (8)

Note that we do not require R to be transitive. To generate a subset of the
expressions equivalent to a source expression e, we use the transition = of
Equation (9) which relates states (E, K) € p(Expr) x p(Expr):

ecE eRe T*gK
(B,K) —=r {e}UE {"e "} UK)

(9)

Using Equation (9) and the initial state ({e},{"e}), we may generate a
maximal set E of expressions all equivalent to e and such that for any pair
e1,e0 € B, Te; ' £ Tey % The set E is an under-approximation of the set of
expressions mathematically equivalent to e.

The second abstraction is based on the notion of Abstract Program Equiv-
alence Graph (APEG for short) [6]. The APEGs are an extension of the

8
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Fig. 3. APEG for the expression e = ((a +a)+ c) X c.

Equivalence Program Expression Graphs (EPEGs) introduced by R. Tate et
al. [15,16]. An APEG is defined inductively as follows:

(i) A value v or a variable x is an APEG,

(ii) An expression p; * ps is an APEG, where p; and p, are APEGs and * is
a binary operator,

(iii) A box| *(p1,...,pn) |is an APEG, where % is a commutative and asso-

ciative operator and the p;, 1 <7 < n, are APEGs,
(iv) A non-empty set {p1,...,pn} of APEGs is an APEG where p;, 1 < i < n,

is not a set of APEGs itself. The set {pi,...,p,} is called equivalence
class.

An example of APEG is given in Figure 3. When an equivalence class (denoted
by a dotted ellipse in Figure 3) contains many APEGS py,...,p, then one
of the p; 1 < ¢ < m may be selected in order to build an expression. A

box | *(p1,...,pn) | represents any parsing of the expression p; * ... * p,.

From an implementation point of view, when several equivalent expressions
share a common sub-expression, the latter is represented only once in the
APEG. Then APEGs provide a compact representation of a set of equivalent
expressions and make it possible to represent in an unique structure many
equivalent expressions of very different shapes. For readability reasons, in
Figure 3, the leafs corresponding to the variables a, b and ¢ are duplicated
while, it practice, they are defined only once in the structure.

The set A(p) of expressions contained inside an APEG p is defined induc-
tively as follows:

(i) If p is a value v or a variable = then A(p) = {v} or A(p) = {z},

(i) If p is an expression p; * po then A(p) = e * e,

e1€A(p1), e2€A(p2)

(iii) If p is a box | *(p1,...,pn) | then A(p) contains all the parsings of e; %

9



MATTHIEU MARTEL

AR
ATTATAN

1
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P3  — * (Pq.P2P3)
/\ [ (Pyo P PP ) |
P4 Po

Fig. 4. Some rules for APEG construction by pattern matching.

...oxey forall e; € A(pr), ..., en € A(pn),
(iv) If p is an equivalence class {p1,...,p,} then A(p) = U, <<, A(p:).
For instance, the APEG p of Figure 3 represents all the following expressions:
((@+a)+b) xc, ((a+bd)+a)xe, (b+a)+a)xc,
(2xa)+b) xec, ex ((a+a)+b), cx ((a+b)+a),

cx ((b+a)+a), ex ((2xa)+b), (a+a)xc+bxc,
2xa)xc+bxe, bxc+(a+a)xe bxc+(2xa)xe

Alp) = (10)

In comparison, with the first abstraction introduced at the beginning of this
section, one may under-approximate the set of expressions equivalent to e =
¢ x ((a+a)+b) by the set

Slz{cx<(a+a)+b>,c><(a+a)+c><b} ifk=1, (11)
and by the set
5’2—{ ((a+a)+b) xc, (a+(a+b)) xc, } Y (12)
(a+a)xc+bxe, axect+(a+b) xc

In their article on EPEGs, R. Tate et al. use rewritting rules to extend the
structure up to saturation [15,16]. In our context, such rules would consist of
performing some pattern matching in an existing APEG p and then adding
new nodes in p, once a pattern has been recognized. For example, the rules
corresponding to distributivity and box construction are given in Figure 4. An
alternative technique for APEG construction is to use dedicated algorithms.
Such algorithms, working in polynomial time, have been proposed in [6].

The abstractions defined previously in this section do not introduce expres-
sions that are not mathematically equivalent to the source expression. Then,
for synthesis, it is correct to select any expression belonging to the abstraction

10
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of a set of equivalent expressions. The selection criteria used at synthesis time
are discussed in Section 5. We end this section by formalizing the correctness
of the abstractions.

Let R C Expr x Expr be the binary relation on the set of expressions intro-
duced ealier in this section to identify mathematically equivalent expressions
(see equations (7) and (8).) The set of expressions equivalent to an original
expression e can be generated by the following rule =€ p(Expr) x o(Expr):

ecE eRe€

E={cdJUE (13)

The set £(e) of expressions equivalent to e using the relations contained in R is
such that the sequence {e} —* £(e) of transitions is maximal (i.e. £(e) — E’
implies E' = £(e).)

Let (E*, K) be the state resulting from a maximal transition path based on
Equation (9): ({e}, {"e™}) — (E*, K) and let A(p) be the set of expressions
contained inside an APEG p built from e, for example using the rules of Figure
4. Then E* and A(p) are under-approximations of £(e) and there exists the
following Galois connexions between the set of equivalent expression and its
abstractions:

(p(Eapr), C) == (p(Expr) x p(Eapr), Cx) (14)
(p(Ewpr), C) == (I, Cn) (15)

In equations (14) and (15), C, denotes the component-wise inclusion, II de-
notes the set of APEGs and Cyy is the partial order on APEGs. Intuitively,
p1 Co pe if A(pr) € A(ps). An inductive definition of Cyy is given in [6]. The
concretizations of abstract states (E*, K) or p are defined by the following
functions:

n(EK)=J F and wm= | F (16)

¢€E, {}E/ c€A(p), {e}—E/

Hence, the abstract sets (E* K) and p do not contain expressions which are
not mathematically equivalent to the others and any expression ¢’ in E* or
A(p) may be selected in order to synthesize a new expression as it will not
be distinguishible from e by the observational abstraction oo introduced in
Section 3.

5 (Generation of New Expressions

This section concerns the last step of the synthesis which consists of selecting
an expression inside the abstract representations of equivalent expressions.
First of all, we introduce abstract semantics, in Figure 5, in order to com-
pare the quality of mathematically equivalent expressions. These semantics
abstract the non-standard semantics of Figure 2 in which the mathemati-
cal values have been discarded. The abstract state contain intervals instead

11
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p(z) = [v,0] m' = max (|v],[v],m)
(@,m, p) —ine ([0 0], 0, p)
[Q’ E] = [ﬂ? U_l] Bine [27 U_Q] m' = maX(|ﬂ|7 |U_1|7 |@|’ |U_2|, |y|v |@|7m>

(1, 71] * [v2, T3], m, p) —hne (v, D), 10, p)
€1, M, P _>§Lnt e,ﬂm/7p m” = max mam,
1

<€1 * €2, M, p> _>§mt <6/1 * e, m”, P>

<€27 m, p> _>l:ilnt <e/27 mlv p> m'" = maX(m’ m/)

([vL, 71 * €2,m, p) —%ay ([01,T1]) * €5,m”, p)

[27 @]) <€17 10> _>210at <e/17 p>
<.Z', P> _>§loat << @7 A]? [ya @])7 /)> <€1 * €2, P> _>ﬂfloat <6/1 * €2, p>

~ ~ ~

[0,0] = [0y, 1] B~ [V, 0] [v,0] = [v1,77] B, [v2, 73]
<([ﬁ? UAl]J [ﬂ? U_1]> * ([ia AQ] [UQvU_2]>7p> _>§loat <<[@7 @]7 [Q, @])7 P>
< > _>float <el27p>
<([ﬁv UAl]? [ﬁ’ U_l]) * €, P > _>float <([ﬁ7 UAI]? [ﬂv U_1]> * 6/27 p>
p([[’) = [U, U]< l> <617 W? p> _>iixed <ell7 Wl) p>
<'I W,O> _>f1xed <[U,U] >,VV,[)> <61 *627W7 p> _>iixed <6/1 *627W/7p>
[Q? 6] <w,z) = [ﬁa Ul]<w17 1> .flxed [U27 U2]<w2 22> W, = W + w1 + Wo +w
<[ﬁ7 U_l] <w1’i1> * [27 UQ] <w2’12 7W7 p> _>§ifixed <[U U] W/ >
<€27 W7 p> _>gixed <6/2’ W/7 p>
<[ﬂ7 U_l] (w1,i1) * €2, Wv p> _>gixed <[ﬂ7 U_l] <w1’i1> * 6/27 le p>

[Qv @] [Qv 5] = [ﬂ? U_l] <—> [U270_2]

{e1,0) (e2, p) =7 {eh, p)
{e1

* 62,P> <[ﬂv U_l] * €2, > ?] <['U17U1] * 627p>

Fig. 5. Abstract semantics for the integer, floating-point, fixed-point and interval arithmetics.

of scalar values since we aim at synthesizing expressions optimized for large
ranges of inputs.

A value of the abstract integer semantics —>§nt is an interval [v,7] €
int x int and an abstract state is a triple (e,m,p) € Expr X int x Env'int
where Envgnt is the set of environments mapping variables to abstract in-
teger values. The operator FH;,; denotes the operation * between intervals
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of integers, no rounding is require in this case. An expression e; is better
than an expression e, for an abstract environment pf, denoted e; -<fit eq, if
<€l> Oapﬁ> _>j:j;1t <[ﬂ? U_l]’ mu, pIi)v <62a 0, pﬁ> %ﬁt <[@’ U_Q]>m2>pﬂ2> and my < my.
Recall from Section 3 that m gives the maximal value, in absolute value of
the intermediary results encountered during the evaluation of the expression.

A value of the abstract floating-point semantics —>ﬁﬂoat is a pair of intervals
([0, 0], [v,7]) € (float xfloat)x (float xfloat). Intuitively, the first interval
is the abstraction of the set of concrete values and the second interval is an
under-approximation of the exact results of the computation. Hence, in the
abstract semantics of Figure 5, the operations between the first intervals are
carried out using the standard rounding mode ~ of the machine (to the nearest
in general) while for the second intervals, we use the rounding mode towards
inside, denoted |. For instance

M7 Tl] EE"" [U727 E} = @ ®N 271}71 ®~ 72] (17)
and
[y, T1] By [v2, T2] = [min(v1 ©—oc V2, T1 B—co 2), Max(v1 Sioc V2,01 Btoo 2)] - (18)

An abstract state is a pair (e, p) € Expr x Envi,.,, where Envi,,,, denotes
the environments mapping variables to abstract floating-point values. An
expression e; is better than an expression e, for an abstract environment pf,

ﬁ . * A~ N P ES
denoted €1 —<§10at €2, if <617pﬁ> _>§loat <([U17U1]7[U17U1]>7p%>7 <627pﬁ> _>iloat

(([02, 8], [v2,73]), p5) and max(|0y — w1, [01 = Bi]) < max(|dy — val, [6 — Ta]).
In other words, e; %?ioat eo if the error in the work case between the computer
and mathematical results is less for e; than for es.

Concerning the fixed-point semantics —>iixed, an abstract value is an inter-
val of fixed-point numbers which all have the same format. Such an interval

is denoted [v, 7], We have:

[y,§]<w‘i> = {v<w’i> cv<ov< E} (19)

An abstract state is a triple (e, W, p) € Expr x int x Env?,, , where Envi,, .,
is the set of environments mapping variables to abstract fixed-point val-
ues. The operator H¢iceq denotes the operation x between intevals whose
bounds are fixed-point numbers. The operations are exact and no rounding
mode is needed for H¢ieq. An expression e; is better than an expression
ey for an abstract environment pf, denoted e; —<§uixed e, if {e1,0, p) —)i?xed
<[ﬂ’v_1]<wl’il>vwlap§>v <6270’pﬁ> %gzxed <[@>U_2]<w27i2>7w2apg> and Wy < Wa.
In other words, e; is better than ey if the number of bits require to store the
intermediary results is less for e; than for es.

A value of the abstract interval semantics —>% is an interval [v, 7] € float x
float. As in Section 2, the operator B denotes the operation *x between

13
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intevals of floating-point numbers with the rounding mode towards outside
(see Equation (5).) An abstract state is a pair (e, p) € Expr x Env?] where

Env! denotes the environments mapping variables to intervals of floating-
point values. An expression e is better than an expression ey for an abstract

environment p?, denoted e, <ﬁﬁ e, if {(eg, %) —>?]* (([vr, 1)), 1), (ea, %) —>%*

(([v2, 7)), o) and 77 — v < Ty — vy ie, e —<§ioat eo if the width of interval
resulting from the evaluation of e; is smaller than the width of the interval
resulting from the evaluation of e,.

To synthesize a new expression equivalent to a source expression e using the
first abstraction of Section 4, we use the rule of Equation (9) to compute the
set B* such that ({e}, {"e™}) —% (E* K)} and we evaluate all the expressions
of E* with the abstract semantics of Figure 5, for the desired arithmetic. Then
we select the expression which yields the smallest result in the sense of <,
<float; <fixed OI <.

Concerning APEGs, the synthesis of a new expression requires special
techniques to handle the abstract boxes and to search inside the structure.
For boxes, a greedy algorithm has been proposed [6]. It consists of select-

ing in | *(p1,...,p,) | the best operation p; xp;, 1 < ¢,7 < n, i # j in

the sense of <int, <f10at, <fixea OF <[ and then repeating the process with

the box *(pla'-'7pi717pi+17--->pjflapj+17-"7pna(pi*pj)) . For generic

APEGs containing equivalence classes, a limited depth search algorithm with
memoization has also been proposed [6]. In its simplest setting, it consists
of only considering the best expression of the child equivalence classes when
synthesizing an expression for a parent equivalent class.

6 Conclusion

In this article, we have presented a general framework for the synthesis of
arithmetic expressions which can be evaluated by computers accurately, with-
out overflow and with limited ressources. We have considered the integer,
floating-point, fixed-point and interval arithmetics and two abstractions of
the set of mathematically equivalent expressions have been described. A large
part of this article has been dedicated to the correctness of the synthesis.

Most of this work has been implemented in a tool, called Sardana [7], which
accepts the floating-point and fixed-point arithmetics and which implements
APEGs. Many experimentations have been carried out with Sardana and the
results are convincing [6].

In the future, we would like to generalize our approach to pieces of code
more complicated than simple arithmetic expressions. For example, F. Lo-
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gozzo and T. Ball have worked on binary relations between integer expres-
sions [10]. More generally, we also aim at modifying control structures like
conditionals and loops.
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